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Abstract1 

The aim of this study is to examine whether macro-economic indicators, industry factors 
and firm-specific factors tend to predict returns to contrarian strategies. The sample of the 
study comprised of South Asian markets. The methodology uses portfolio formation, 
rebalancing, and predictive regressions including global risk factors. Findings show that 
firm-specific variables like trading volume and market value have strong predictive power 
for contrarian returns. Loser portfolios composed of stocks with the lowest trading volume 
and smallest market value deliver the largest contrarian returns consistently across sample 
periods. Industry-level analysis shows a persistent industry contrarian effect during the 
Asian and global financial crises. Industry momentum, however, became apparent after the 
global financial crisis and during the COVID-19 pandemic. Predictive regressions identify 
the industrial production index (IPI), balance of trade (BOT), and three-month interest rate 
(3M-INT) as significant macroeconomic predictors of loser returns and contrarian strategy 
payoffs. Results indicate that combining micro and macro information improves timing and 
selection of contrarian investments in South Asian emerging markets. These insights are 
relevant for investors and policymakers assessing return patterns and market stability.  
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1. Introduction 
The momentum investment strategy is one of the trading strategies that 

investors employ to increase their returns in the stock market. The momentum strategy 
is buying stocks that have previously shown an upward price movement in anticipation 
that it will keep increasing. Conversely, a contrarian strategy emphasizes on selling 
past outperformers and buying past underperformers. These anomalous returns are 
against the efficient market hypothesis (EMH), which assumes that investors cannot 
make excess returns. On the same idea, Lo (2004) proposed Adaptive Market 
Hypothesis (AMH) that re-conceptualized efficiency as dynamic and not static. AMH 
argues that the level of market efficiency evolves depending on the ongoing learning 
and adaptation of investors to dynamic economic conditions. This paradigm offers an 
attractive perspective by which to explain the large momentum effect empirically 
documented by Jegadeesh and Titman (1993). Their study found a 12.01% average 
annual profit in the US, showing that return anomalies can persist, consistent with the 
Adaptive Market Hypothesis. The existing empirical evidence reveals that momentum 
effect is more prevalent in developed equity markets (Baltussen et al., 2021; Berggrun 
et al., 2023). While, contrarian effects are primarily apparent in emerging stock 
markets (Yang & Zhang, 2024). 

Developing markets tend to have more contrarian trading opportunities as 
compared to developed markets. This tendency is predetermined by structural and 
behavioral characteristics contributing to a higher propensity towards mispricing and 
reversal of the prices. Further, the institutionalization in the emerging markets are 
weaker. Both of them pose loopholes that contrarian investors can exploit (Loang, 
2025; Sukor et al., 2025). Information asymmetry is the major cause of this 
phenomenon. Companies in developing economies tend to report less timely 
information than those in developed economies. The gap is often filled by retail 
investors, and their trading is more likely to be influenced by emotion, rumor, or short-
term speculation. These factors produce more frequent mispricing than those seen in 
more transparent markets (Maurya et al., 2025; Ooi, 2025). Lower overall liquidity is 
common in many emerging markets (Shaharuddin et al., 2020). Reduced liquidity 
implies that relatively small flows can shift prices significantly. They cause greater, 
visible deviations of core values that are later reversed, and contrarian traders can 
capitalize on corrections (Ooi, 2025). 

Investor composition is also an issue. The trading is largely dominated by retail 
investors in several emerging markets, but institutional investors are scarce. Retail 
investors create a large portion of trading, and prices then indicate short-term sentiment 
over long-term fundamentals. The herding and momentum patterns can become 
stronger. The same trends subsequently result in the possibility of reversal as sentiment 
fades (Neupane et al., 2017; Munir, Shaharuddin, Sukor, et al., 2022). Insider trading 
activity and speculation further distort prices, which lead to overreaction and later 
correction in stock markets. Contrarian strategies seek to invest in the wake of negative 
overreactions and sell during positive overreactions, thus environments where there is 
a high frequency of overreactions prefer contrarian strategies (Akhter & Yong, 2019; 
Zulkifley et al., 2023). External shocks also increase the probability of mispricing. 
Emerging markets tend to be more vulnerable to macroeconomic fluctuations, 
geopolitical risk, and abrupt changes in policies (Munir et al., 2023). Such shocks may 
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cause sudden capital flows and severe fluctuations in prices. When fundamentals 
remain unchanged, these overshoots tend to correct, which benefits contrarian 
investors who act against prevailing sentiment (Goyal et al., 2022; Lastauskas & 
Nguyen, 2024). 

The contrarian strategies are sensitive to the macroeconomic conditions. The 
studies indicate that the general economic factors, including industrial output, interest 
rates, inflation, and balance of trade influence asset returns and the magnitude of 
anomalies. For example, Matteucci and Venanzi (2025) assert global macroeconomic 
factors can account much of cross-country variance in value, momentum, and size 
strategy returns in 26 countries, including emerging markets. This finding suggests that 
contrarian returns are not only due to mispricing in firms. They also represent 
macroeconomic cycles and global factors. Another channel is the monetary policy 
uncertainty. Arkol and Azimli (2024) report that the high confidence in whether 
monetary policy will work or not determines the emergent market mispricing. The 
nature of uncertainty varies the risk appetite of investors and their liquidity. It has the 
power to enhance price fluctuations and, therefore, increasing the possible returns to 
contrarian strategies upon the uncertainty being removed. There is inconclusive 
empirical evidence on the continued presence of contrarian effects in emerging 
markets. Some studies find robust reversals and profitable contrarian strategies. As an 
example, Yang and Zhang (2024) point out the strong contrarian effects in some of the 
emerging markets. Akhter and Yong (2019) and Munir et al. (2020) highlight the 
importance of local market inefficiencies and information gaps in the determination of 
returns, but they also confirm that the results differ across markets and times. These 
contradictory results indicate that contrarian profits are not homogenous over space 
and time. They rely on the changing market structure, composition of investors and the 
macroeconomic environment. 

The significant gap in the literature is the absence of detailed examination of 
the specific drivers of contrarian payoffs in South Asian emerging markets. The 
research that investigates emerging economies tends to use them as a one population. 
There are limited studies that have studied the relative contribution of firm level 
characteristics, industry forces and macroeconomic factors in the South Asian 
emerging markets. This gap is important as South Asian markets have several 
distinctive characteristics that can change the mechanics and profitability of contrarian 
strategies. South Asia- consisting of markets like India, Pakistan, and Bangladesh are 
an appropriate setting to study. Such markets are often weak-form inefficient. The 
prices of assets are not necessarily indicative of the available information in a timely 
manner. Volatility remains high, while institutional investor participation remains low. 
The volume is usually driven by retail traders and, therefore, sentiment and rumors 
gain power (Hameed & Kusnadi, 2020; Munir, Shaharuddin, & Sukor, 2022). The 
region has also recorded insider trading and speculative bubbles, which helps to cause 
frequent mispricing (Akhter & Yong, 2019; Zulkifley et al., 2021). Return dynamics 
are also determined by investor skepticism and information quality issues. The 
investors who lack confidence in the quality of information in the market accelerate to 
use sentiment and personal cues. Such dependence may create a temporary momentum 
and then reverses as more valuable information is discovered due to sentiment shifts 
(Jegadeesh et al., 2025). The exposure of the region to geopolitical stress and external 
shocks increases the prevalence of price overshoots. Collectively, these characteristics 
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form a testing ground of contrarian strategy. Considering these aspects, the current 
study adopts a multilevel approach and examines the impact of firm-specific, industry 
characteristics, and macroeconomic factors on contrarian profitability. Firm-specific 
variables including trading volume, and market capitalization are important. 
Conditions in the industry such as concentration and cyclicality may affect the 
transmission of shocks to stock prices. Macroeconomic variables and global risk 
factors may also influence contrarian returns.  

The current study substantially contributes to the literature by addressing an 
important gap through a multilevel approach that jointly explains contrarian 
profitability in emerging markets by examining firm-level, industry-level, and 
macroeconomic factors. The paper provides region-specific information that cannot be 
explained by global asset pricing models as it targets South Asian economies, 
characterized by the dominance of retail investors, information asymmetry, and weak-
form inefficiencies. The comparison between crisis and non-crisis times (e.g., Asian 
financial crisis, the global financial crisis, and COVID-19) also emphasizes the 
enhancing reversal effects by market stress, which has practical implications of timing 
strategies and portfolio risk management. It is worth noting that the study confirms 
that the local macro-economic variables, including industrial production (IPI), balance 
of trade (BOT), and short-term interest rates (3M-INT), are more predictive variables, 
compared to the global variables. The results also confirm Adaptive Market 
Hypothesis, which implies that contrarian effects prevail due to the change of behavior 
among investors and market conditions. Together, these contributions advance both 
empirical finance and behavioral theory in the context of emerging markets. These 
additions clarify the study's relevance for both academic literature and the design of 
practical investment strategies. 

The remainder of the paper is structured in the following manner. Section 2 
explains data and the methodology. Section 3 contains the results which are based on 
the empirical analysis of the impact of firm-specific, industry-specific and 
macroeconomic factors. Lastly, in Section 4, there is a conclusion providing the 
summary of the most important findings and commenting on the implications of the 
findings to the investors and policy makers.    

2. Data and Methodology 

2.1 Data 
The data used in the study was obtained through various sources including stock 

exchanges of South Asian countries such as Pakistan Stock Exchange (PSX), Dhaka 
Stock Exchange (DSE), and Bombay Stock Exchange (BSE). Another major data 
source is the London Stock Exchange Group (LSEG) DataStream. The main dataset 
has dividend-adjusted closing prices, trading volumes, and market capitalizations of 
the listed equities in the chosen markets. The data consisted of 27 years (Jan 1997 to 
Dec 2023). Thinly trading equities are eliminated to minimize illiquidity bias. To 
maintain integrity of data, the non-trading days are not filled with previous prices but 
kept as gaps. Then, monthly returns are calculated directly from the closing prices, 
adhering to the conventional return calculation methodology without any data 
interpolation: 
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                                 𝑅𝑅𝑡𝑡 = 100 × 𝑙𝑙𝑙𝑙 � 𝑃𝑃𝑡𝑡
𝑃𝑃𝑡𝑡−1

�                                                     (1)                                             

In the above equation, Rt signifies the equity returns at time t. Pt represents the 
adjusted closing price of an equity at time t, while Pt-1 indicates the adjusted closing 
price of an equity at time t-1. 

The current study employs the Thomson Reuters Business categorization 
(TRBC) for industry classification. In TRBC, industries are grouped according to the 
market, rather than their products or services. Various industry classification systems, 
such as the Global Industry Classification Standard (GICS) and the Industry 
Classification Benchmark (ICB), as well as local market systems like the FTSE in the 
UK equity market, were used by some studies in recent literature. However, TRBC 
categorization is more beneficial and efficient, as it employs the most rigorous and 
objective methodologies to determine a company's industry categorization. TRBC is a 
five-level industry classification system subdividing equities into increasingly 
specialized categories at each level. This categorization system distinctly categorizes 
equities into 10 economic sectors, which are further divided into 28 company sectors. 
This study utilizes the Thomson Reuters Business Classification (TRBC) system, 
which hierarchically organizes companies into 54 industrial groups, 136 industries, 
and 837 specific activities. For the purposes of this analysis, we employ the second-
tier, sector-level categorization that includes 22 distinct sectors. In accordance with the 
methodological approach of Wang and Xu (2015) and Demirer et al. (2017), the 
present study adopts a group of macroeconomic and global predictors. These monthly 
series are obtained on LSEG DataStream and they are: the Consumer Price Index 
(CPI), the three-month Treasury rate (3M-INT), the balance of trade (BOT), MSCI 
world equity returns (MSCI), the local currency to USD exchange rate (EXC), 
industrial production index (IPI), oil returns (OIL), gold returns (GOLD), and the 
CBOE volatility index (VIX). All series are converted into first differences or returns 
to ensure the stationarity of the data. 

2.2 Methodology 
In line with Chen et al. (2016), portfolio rebalancing in this paper is the 

manipulation of contrarian investment portfolios after the end of each month, 
depending on the performance of stocks or industry sectors over the last 6-months and 
12-months. The portfolio formation process is based on rolling windows. Stocks or 
industries are ordered by historical cumulative returns. The study builds long positions 
in losing (loser) portfolios and short positions in winning (winner) portfolios. 
Portfolios are maintained monthly and rebalanced at the end of every month. While 
this methodology aims to capture price reversals characteristic of contrarian strategies, 
it is essential to note that transaction costs are not explicitly incorporated into the 
analysis, following the approach of Chen et al. (2016) and Demirer et al. (2017). The 
omission of transaction costs is a standard in academic research that aims to establish 
the theoretical profitability of specific investment strategies because it enables to 
further evaluate the intrinsic performance of specific investment strategies without the 
biases of trading costs. At the end of every month, market value is calculated as a 
product of adjusted closing price and outstanding shares of each company at that point 
in time t. 
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This study develops portfolios the basis of size and trading volume. To create 

size-based portfolios, which is a popular way of examining the size effect, stocks are 
classified according to their end-of-month market capitalization (Barberis & Shleifer, 
2003). At the same time, relying on the notion that volume indicates asymmetry of 
information (Lee & Swaminathan, 2000), stocks are independently sorted and divided 
into five liquidity groups based on their trading volume. The top 20% constitute the 
high-liquidity portfolio, while the bottom 20% form the low-liquidity portfolio. Within 
each of these five liquidity groups, a contrarian strategy is implemented. Stocks are 
further classified as "losers" or "winners" based on their past cumulative returns over 
two distinct formation windows: the previous six months (t-6 to t-1) and the previous 
twelve months (t-12 to t-1). A zero-cost portfolio is then formed by taking a long 
position in the past losers and a short position in the past winners within the same 
liquidity group. These contrarian portfolios are held for a single month (t+1) and 
rebalanced monthly. The mean contrarian return for each liquidity group is calculated 
using equally weighted portfolio returns over the holding period, allowing for an 
analysis of how liquidity influences the profitability of contrarian strategies. 

                                𝐿𝐿𝐿𝐿𝐿𝐿𝐻𝐻𝐻𝐻,𝑡𝑡 =  𝑄𝑄𝐻𝐻𝐻𝐻,𝐿𝐿,𝑡𝑡 −  𝑄𝑄𝐻𝐻𝐻𝐻,𝑊𝑊,𝑡𝑡 >  0                                               (2) 

                                  𝐿𝐿𝐿𝐿𝐿𝐿𝐿𝐿𝐿𝐿,𝑡𝑡 =  𝑄𝑄𝐿𝐿𝐿𝐿,𝐿𝐿,𝑡𝑡 −  𝑄𝑄𝐿𝐿𝐿𝐿,𝑊𝑊,𝑡𝑡 >  0                                                (3) 

Here, The variable 𝐿𝐿𝐿𝐿𝐿𝐿𝐻𝐻𝐻𝐻,𝑡𝑡 denotes loser-minus-winner (contrarian) returns 
for the highest-liquidity group at time t. 𝑄𝑄𝐻𝐻𝐻𝐻,𝐿𝐿,𝑡𝑡 and 𝑄𝑄𝐻𝐻𝐻𝐻,𝑊𝑊,𝑡𝑡 denote the loser and winner 
portfolios for the highest-liquidity group. Similarly, 𝐿𝐿𝐿𝐿𝐿𝐿𝐿𝐿𝐿𝐿,𝑡𝑡, 𝑄𝑄𝐿𝐿𝐿𝐿,𝐿𝐿,𝑡𝑡 and 𝑄𝑄𝐿𝐿𝐿𝐿,𝑊𝑊,𝑡𝑡denote 
the contrarian, loser, and winner portfolios for the lowest-liquidity group. This 
identical portfolio formation procedure is replicated to create style portfolios based on 
market value, allowing for analysis within the highest and lowest market-cap groups. 
The interpretation of these results is straightforward. If the contrarian returns (LMW) 
become negative or statistically insignificant after controlling for either trading volume 
or firm size, it suggests that the observed contrarian effect is not a meaningful, 
independent phenomenon. Conversely, if the contrarian returns remain positive and 
significant, we can infer a meaningful and persistent relationship exists between these 
specific stock characteristics and subsequent contrarian payoffs. 

Industry contrarian portfolios are formed in accordance with Moskowitz and 
Grinblatt (1999). The research initially classifies equities into 22 sector categories 
according to the industry classification system of Thomson Reuters (TRBC). Industries 
are subsequently categorized into distinct quintile portfolios based on their historical 
performance. The study constructs portfolios using lagged 6-month and lagged 12-
month portfolio formation periods to assess the industry-level contrarian impact 
thoroughly. The portfolios of winning industries include sectors with cumulative 
returns in the top 20% over the last 12 or 6 months. On the other hand, portfolios of 
loser industries comprise sectors with cumulative returns in the lowest 20% over the 
same periods. Subsequently, contrarian portfolios are established by taking long 
positions in underperforming industry portfolios and short positions in outperforming 
industry groups. Portfolios include a one-month delay between formation and holding 
to reduce microstructure effects. Contrarian (LMW) returns are calculated using 
equally weighted portfolios and monthly rebalancing. The study also tests the industry 
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contrarian effect across different market regimes by splitting the sample into non-
crisis, crisis, and COVID-19 phases. 

In the final analysis, the study examines macroeconomic and global predictors 
of contrarian profitability. Following Wang and Xu (2015), predictive regressions are 
estimated in a panel setting with fixed effects to control country heterogeneity. 
Standard errors are clustered at the country level to address autocorrelation and 
heteroskedasticity. All predictors are lagged by one month to avoid look-ahead bias. 
Stationarity is assessed with Augmented Dickey–Fuller (ADF) tests, and non-
stationary series are differenced as needed. 

                         𝑳𝑳𝑳𝑳𝑳𝑳𝒊𝒊,𝒕𝒕 =  𝜶𝜶 + 𝜷𝜷𝜷𝜷𝒊𝒊,𝒕𝒕−𝟏𝟏 + 𝜸𝜸𝒕𝒕 + 𝜺𝜺𝒊𝒊𝒊𝒊                                                     (4) 

Here,  𝐿𝐿𝐿𝐿𝐿𝐿𝑖𝑖,𝑡𝑡 denotes the series of contrarian returns for country i at time t, 
which is the difference between the returns of the loser and winner portfolios. 𝛼𝛼 
denotes the country-specific fixed effect accounts for any unobserved heterogeneity 
that may differ across countries. 𝜷𝜷 Provides the vector of coefficients associated with 
the macroeconomic and market predictors (such as market returns, volatility, and other 
factors, including the 3-month Treasury rate, currency exchange rate). 𝒙𝒙𝒊𝒊,𝒕𝒕−𝟏𝟏 the vector 
of predictor variables in country i at time t-1. The dimension of vector 𝒙𝒙𝒊𝒊,𝒕𝒕−𝟏𝟏 includes 
the 3M interest rate (3M-INT), exchange rate (EXC), CPI, IPI, and balance of trade 
(BOT), all expressed in first differences or returns.  The value of gamma (𝛾𝛾𝑡𝑡) is a time-
fixed effects or dummy variable to control for any time-specific effects or shocks that 
may affect all countries simultaneously. Finally, 𝜀𝜀𝑖𝑖𝑖𝑖 is the error term that captures the 
residuals of the regression model.    

The predictors used in the regression model (Eq. 5) are crucial for 
understanding the factors influencing contrarian strategy performance. A common 
example of a proxy measure of domestic interest rates is the use of the 3-month treasury 
rate (3M-INT). Although it does not represent a direct measure of liquidity, it is an 
indicator of the monetary policy conditions, with higher rates normally indicating 
restrictive monetary policy and tight financial conditions, which can potentially 
influence market behavior and performance of contrarian strategies. Conversely, the 
low interest rates tend to indicate slack monetary policy which promotes risk-taking 
and has the possibility of changing the behavior of investors, particularly regarding 
momentum and contrarian trading. The other macroeconomic variables, including 
exchange rates (EXC) and the consumer price index (CPI) reflect more economic 
concepts, including inflation and balance of payment that may influence the 
comparative demand of stocks in contrarian strategies. The statistics of industrial 
production (IPI) and the balance of trade (BOT) also tell us about the strength of the 
economy that can bring about reversals when the market overreacts to the short-term 
economic conditions. Combined, these predictors are part of how to comprehend the 
performance of contrarian strategies since they capture both macroeconomic and 
market environment factors that affect the stock returns and mispricing opportunity. 
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Table 1 Summary of Variables and Definitions 

Variable Definition Measurement/Construction Source 

Adjusted Close Price Price of stock adjusted 
for dividends, splits, 
and other corporate 
actions. 

Monthly data; used to compute 
returns via logarithmic return 
formula. 

Thomson Reuters 
DataStream, BSE, PSX, 
DSE 

Monthly Return (Rt) The percentage 
changes in stock price 
from previous month 
using logarithmic 
formula. 

Rt = 100 × ln(Pt / Pt-1) Calculated from adjusted 
close prices 

Trading Volume The number of shares 
traded within a given 
period. 

Monthly average volume; used 
for liquidity sorting into quintiles. 

Thomson Reuters 
DataStream 

Market Value Total market 
capitalization of a firm. 

Monthly data is used to sort 
stocks into high and low market 
value groups. 

Thomson Reuters 
DataStream 

Winner Stocks Stocks with the highest 
past cumulative returns 
over the 12-month/6-
month period. 

Top 20% based on past return 
performance. 

Calculated 

Loser Stocks Stocks with lowest past 
cumulative returns over 
the 12-month/6-month 
period. 

Bottom 20% based on past 
return performance. 

Calculated 

LMW (Contrarian Return) Difference in returns 
between loser and 
winner portfolios. 

LMWt=QLt−QWt; separately for 
highest/lowest liquidity or 
market value groups. 

Calculated 

Industry Classification Grouping of companies 
based on TRBC 
second-tier industry 
sectors. 

Stocks categorized into 22 
industries common across 
markets. 

Thomson Reuters 
Business Classification 
(TRBC) 

Macroeconomic 
Variables 

Country-specific 
economic indicators. 

3M Interest Rate (3M-INT), 
Exchange Rate (EXC), CPI, IPI, 
Balance of Trade (BOT) – first 
differenced or returns. 

Thomson Reuters 
DataStream 

Global Variables Global market and 
commodity indicators. 

Oil Return (OIL), Gold Return 
(GOLD), MSCI World Index, 
CBOE Volatility Index (VIX). 

Thomson Reuters 
DataStream 

Market State Indicator of bullish or 
bearish market trend. 

Based on lagged 12-month and 
6-month market index returns. 

Calculated from stock 
exchange data 

Market Volatility Market risk indicator. Standard deviation of past 12-
month/6-month market returns. 

Calculated from market 
indices 

Crisis/Non-Crisis/COVID 
Period 

Market regime 
categories to assess 
conditional contrarian 
effect. 

Sub-sample periods: (1) Crisis 
(e.g., GFC 2008), (2) Non-
Crisis, (3) COVID-19 (2020–
2021). 

Defined based on 
economic timelines 

Notes: This table provides the definitions, summary, and sources of all the variables used in the overall analysis 
of the study.  
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3. Empirical Results and Discussions 

3.1 Firm-Level Characteristics and Contrarian Effect 
While simple price momentum and contrarian effects are well known, style 

investing also challenges EMH. Investors group assets by styles or characteristics such 
as market capitalization, book-to-market, and earnings-to-price ratios. This section 
tests whether contrarian strategies based on style characteristics yield higher returns in 
emerging markets. The study emphasizes trading volume and market capitalization–
based contrarian rules, which short past winners and go long past losers. The relevance 
of these factors for the selected markets was described earlier. 

Table 2 reports results for volume-based contrarian portfolios formed by two-
way sorting. It shows monthly average returns, t-statistics, and significance levels for 
winners and losers across volume groups. Portfolios are equally weighted and 
rebalanced monthly. Both winners and losers in the highest-volume group outperform 
their counterparts in the lowest-volume group. Yet the lowest-volume stocks produce 
the largest contrarian returns across markets. For example, the lowest-volume 
contrarian portfolios deliver monthly returns of 3.68% in Pakistan, 1.13% in 
Bangladesh, and 4.25% in India; these returns are statistically significant. By contrast, 
highest-volume portfolios generate negative contrarian returns for Bangladesh 
(−0.18%) and India (−0.03%), and a small positive return for Pakistan (0.17%). These 
magnitudes are smaller than those for the lowest-volume portfolios. Overall, trading 
volume correlates strongly with contrarian profits. Stocks in the lowest-volume 
quartile produce the highest contrarian returns. Prior winners in both volume categories 
show pronounced short-term reversals. The results support the information asymmetry 
argument of Lee and Swaminathan (2000): higher trading volume reflects more 
information flow and potential overvaluation, leading to larger short-term reversals. 
Lower-volume stocks face less information-driven overpricing and tend to outperform 
later.  
 Table 2 Profitability of Volume-Based Contrarian Strategies 

Country  Winner Loser Contrarian (LMW) 

Pakistan 
Highest Trading Volume 1.9979*** 

(3.20) 
2.1687*** 

(3.18) 
0.1708 
(0.57) 

Lowest Trading Volume -3.7728*** 
(-9.46) 

-0.0857 
(-0.23) 

3.6871*** 
(8.98) 

Bangladesh 
Highest Trading Volume 2.3800** 

(4.11) 
2.1965*** 

(3.91) 
-0.1835 
(-0.48) 

Lowest Trading Volume -1.2843*** 
(-2.65) 

-0.1452 
(-0.32) 

1.1391*** 
(3.24) 

India 
Highest Trading Volume 2.0142*** 

(2.68) 
1.9823** 

(2.35) 
-0.0319 
(-0.08) 

Lowest Trading Volume -3.0409*** 
(-8.10) 

1.2129*** 
(2.62) 

4.2538*** 
(8.78) 

Notes: Table 2 reports gross return differences of contrarian strategies sorted by trading volume (liquidity). The 
data comprised of 27 years (Jan 1997 to Dec 2023). Stocks are placed into five liquidity groups at the end of 
each month. The top 20% form the highest-volume group; the bottom 20% form the lowest-volume group. Within 
the highest and lowest groups, stocks are classified as winners or losers based on realized returns over t−12 to 
t−1. Stocks with positive prior returns are winners; those with negative prior returns are losers. The contrarian 
return (LMW) is the equally weighted return difference between loser and winner portfolios within each liquidity 
group. Robust t-statistics, corrected for heteroskedasticity and autocorrelation using Newey (1987), appear in 
brackets. Symbols *, **, and *** indicate significance at the 10%, 5%, and 1% levels, respectively. 
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The study also evaluates market capitalization–based contrarian strategies 
using two-way sorting. Style portfolios go long small-cap stocks and short large-cap 
stocks. Table 3 reports that most market-value style portfolios yield positive and 
significant contrarian returns. Portfolios of the smallest market-cap stocks show higher 
contrarian returns than portfolios of the largest stocks. For instance, strategies based 
on the lowest market-cap stocks yield average monthly returns of 4.27% (Pakistan), 
0.71% (Bangladesh), and 2.39% (India), significant at the 1% level. By contrast, 
highest market-cap portfolios yield average returns of 0.12% (Pakistan), −0.57% 
(Bangladesh), and 0.73% (India). These findings support the predictive role of trading 
volume and market value in the sampled emerging markets. 

Our results align with prior literature that regards value and small-cap stocks as 
riskier and thus offering higher expected returns  (Chen & De Bondt, 2004; Aarts & 
Lehnert, 2005). Chen and De Bondt (2004) document cross-sectional risk differences 
across style portfolios. In this study, small-cap portfolios produce higher contrarian 
returns but also exhibit higher volatility, since the strategy repeatedly goes long small-
cap losers. The findings also confirm Fama and French (2012), who argue that small-
cap stocks deliver higher average returns due to higher risk and mispricing. This 
suggests that contrarian profits in emerging markets partly arise from delayed market 
reactions to fundamentals. Practically, loser portfolios formed via a regular contrarian 
rule appear less risky than those formed through style investing; therefore, regular 
contrarian approaches may suit investors in these markets. 
Table 3 Profitability of Market Value-Based Contrarian Strategies 

Country  Winner Loser Contrarian (LMW) 

Pakistan 

Highest Market Value 1.1596*** 
(2.78) 

1.2798*** 
(2.71) 

0.1202 
(0.43) 

Lowest Market Value -3.5857*** 
(-7.51) 

0.6867 
(1.61) 

4.2724*** 
(9.18) 

Bangladesh 

Highest Market Value 1.2922*** 
(2.79) 

0.7219 
(1.56) 

-0.5703* 
(-1.81) 

Lowest Market Value -0.5733 
(-1.02) 

0.1437 
(0.26) 

0.7171* 
(1.92) 

India 

Highest Market Value 0.7057 
(1.30) 

1.4442*** 
(2.93) 

0.7385** 
(2.11) 

Lowest Market Value -3.3622*** 
(-7.22) 

-0.9672*** 
(-3.60) 

2.3950*** 
(5.53) 

Notes - Table 3 presents gross return differences of contrarian strategies sorted by market value (capitalization). 
The study period is January 1997 to December 2023. At each month-end (t), stocks are divided into five size 
groups. The top 20% form the largest-size group; the bottom 20% form the smallest-size group. Within the largest 
and smallest groups, stocks are labeled winners or losers according to returns in t−12 to t−1. Winners have 
positive prior returns; losers have negative prior returns. The contrarian return (LMW) equals the equally 
weighted loser minus winner return for each size group. Robust t-statistics (Newey, 1987) are shown in brackets. 
*, **, and *** denote significance at 10%, 5%, and 1%, respectively. 

3.2 Industry Contrarian Effect 
In this section, the study analyzes the effectiveness of industry-

specific contrarian strategies across 22 business sectors in every sample emerging 
market. Specifically, companies were classified into 22 industries using the TRBC 
second-tier categorization. The stocks within each sector were classified into quintiles 
with respect to past historical returns over the 6 months and 12 months’ formation 
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periods. The winning portfolios were composed of the top 20 and the losing portfolios 
were composed of the bottom 20. This methods of portfolios formation is consistent 
with prior studies (Jegadeesh & Titman, 1993). Table 4 shows the excess profits of 
both the over-performing and under-performing industries which are based on the 
accumulated returns of the previous 12 months and 6 months. The industry-specific 
contrarian (LMW) profits consist of the profits of loser portfolios less the profits of 
equally weighted winner portfolios. 

Table 4 shows that the industry-level contrarian effect is consistent and robust 
across sampled markets. Both twelve-month and six-month contrarian rules generate 
significant profits in most markets, except the twelve-month strategy in India. The 
twelve-month contrarian strategy produces monthly returns of 0.21% for Pakistan and 
0.035% for Bangladesh. The identical strategy produces negative contrarian returns of 
-0.19% for the Indian equities market. Nonetheless, contrarian strategies, which 
involve a six-month formation period, yield robust and persistent returns across all 
equity markets. While the stock-level contrarian impact was notably strong, trading 
techniques predicated on industry clustering yield consistent and substantial returns, 
particularly for those with shorter formation periods. Furthermore, the analysis 
identifies an overreaction effect in most instances, when underperforming industry 
portfolios surpass their outperforming counterparts by achieving markedly positive 
contrarian returns in the holding period. 

The results relating to the industry contrarian impact are unique and 
contradictory to the study findings on developed markets. Prior studies report an 
industry momentum effect in developed markets (Moskowitz & Grinblatt, 1999; 
Swinkels, 2002; Ji & Giannikos, 2010). For example, Moskowitz and Grinblatt (1999) 
report average monthly momentum profits of 0.46%, while Swinkels (2002) and Ji and 
Giannikos (2010) report about 0.65% per month in European markets. Li et al. (2014) 
report related evidence for the Australian market and documented that substantial 
industry momentum profits can be earned simply by extending formation periods. Our 
study's findings revealed that contrarian strategies with short-term formation periods 
yield superior returns in South Asian emerging stock markets. The analysis of the 
current study also suggests that in developing markets, equities within the same sector 
tend to overreact, resulting in industry-specific contrarian returns. Additional analysis 
based on sub-period holding analysis in this study will enhance the understanding of 
the industry's contrarian impact in the sample emerging markets.   
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Table 4 Profitability of Industry Contrarian Strategies (January 1997 to December 
2023) 

Country  Winner Loser Contrarian 
(LMW) 

Pakistan 
12-month formation period 0.5059*** 

(4.61) 
0.7201*** 

(6.28) 
0.2142** 

(2.21) 

6-month formation period 0.5842*** 
(5.34) 

0.8405*** 
(7.87) 

0.2563*** 
(2.82) 

Bangladesh 
12-month formation period 0.2893** 

(2.19) 
0.3243*** 

(3.06) 
0.0350 
(0.28) 

6-month formation period -0.0104 
(-0.07) 

0.6847*** 
(5.73) 

0.6951*** 
(5.24) 

India 
12-month formation period 0.1594 

(1.36) 
-0.0402 
(-0.43) 

-0.1996** 
(-2.21) 

6-month formation period -0.1838* 
(-1.65) 

0.1799* 
(1.87) 

0.3637*** 
(3.98) 

Notes: Table 4 shows gross return differences of contrarian strategies by industry. The data comprised of 27 
years (Jan 1997 to Dec 2023). At each month-end (t), industries are classified into winner and loser industry 
portfolios. Classification uses lagged cumulative returns over two formation windows: t−6 to t−1 and t−12 to t−1. 
Industries with positive cumulative returns during the formation period are winners; those with negative 
cumulative returns are losers. The contrarian return (LMW) is the equally weighted difference between loser and 
winner industry portfolios. Robust t-statistics adjusted for heteroskedasticity and autocorrelation (Newey, 1987) 
are presented in brackets. Significance markers *, **, and *** indicate 10%, 5%, and 1% levels.      

To investigate the consistency of industry-specific contrarian returns in sample 
equity markets, this study examines the profitability of contrarian investment strategies 
across various time frames. The overall sample period is divided into crisis periods 
(the Asian financial crisis, the Global crisis, and Covid-19) and non-crisis periods. 
Following Demirer et al. (2017), the Asian Financial Crisis spans from January 1998 
to December 1999. The Global Financial Crisis (GFC) occurred between October 2007 
and September 2009. Subsequently, the COVID-19 pandemic period began in January 
2020 and ended in December 2021. The non-crisis periods are segmented as follows: 
Post-Asian Crisis to Pre-GFC (January 2000 to September 2007) and Post-GFC to Pre-
COVID (October 2009 to December 2019). The results of sub-period analysis are 
provided in panels A, B, and C of Table 5. Panels A and B present the results of 
industry contrarian strategies during the Asian Financial Crisis and the Global 
Financial Crisis. At the same time, Panel C displays the findings for the sub-period 
during the COVID-19 pandemic. 

Panel A of Table 5 illustrates that with a 12-month formation period, the 
contrarian strategy yields significantly positive contrarian returns in all sample 
markets, except for India during the Asian financial crisis. Contrarian profits are 
notably more dramatic and statistically significant when the study applies 6-month 
formation periods. These findings confirm that the Asian financial crisis had a 
markedly greater impact on contrarian returns as compared to the global crisis. Panel 
B illustrates that contrarian profits are significantly positive for the 12-month 
contrarian approach; nevertheless, their size is inferior to that of the Asian crisis 
returns. This was anticipated mainly due to the little impact of the global crisis on 
South Asian equity markets. Finally, contrarian profits are less prominent and 
negligible during the COVID-19 pandemic sub-period, as seen in Panel C. Contrarian 
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strategy profits were either diminished or negative across all sample markets. 
Similarly, the industry contrarian impact is modest during non-crisis situations, as seen 
in Table 6 (Panels A and B). During non-crisis periods, most strategies do not 
consistently provide contrarian returns across all markets. These negative profits 
during non-crisis situations suggest that the industry-specific contrarian impact was 
primarily linked to crisis periods and unfavorable market conditions. These patterns 
suggest that industry-level contrarian effects in emerging markets are state-dependent, 
being stronger during periods of market stress or crisis. This suggests that behavioral 
biases—such as fear-driven overreactions during downturns—may intensify 
mispricing at the industry level. From a practical perspective, this finding has strategic 
implications for asset managers in emerging markets: contrarian strategies are more 
effective during downturns. They may serve as a hedge or counter-cyclical tool. 

Furthermore, the absence of contrarian returns during the Covid-19 pandemic 
and non-crisis periods was either due to the outperformance of prior winner stocks or 
the short-term return reversals of prior underperforming stocks under non-crisis or 
favorable market conditions. Nevertheless, several outcomes lack statistical 
significance, thereby diminishing their statistical reliability. These results are again 
attributed by the study to the effect of stock market overreaction. It provides a 
behavioral explanation that investors panic when they are faced with unfavorable 
market situations or crises and they tend to find safe havens. Therefore, investors prefer 
to invest in high quality and winning stocks, thus they are prone to overpricing them. 
These overvalued stocks also experience short-term corrections as the equity market 
reprices the undervalued and overvalued stocks. These findings are consistent with 
prior research, which suggests that the contrarian or momentum effect has fluctuated 
over time and depends on the equity market environment (Cooper et al., 2004; 
Urquhart & McGroarty, 2014). 

To confirm the prior findings, we further examine the performance of contrarian 
investment strategies across sub-periods and the periods without crisis and the findings 
are provided in Table 6. Despite a shorter-term effect, the data show a similar 
contrarian effect within the period between the Asian crisis of finances to the global 
crisis. However, with the global economic crisis, the momentum effect has become 
statistically and economically stronger. In Panel B of Table 6, negative contrarian 
profitability indicates a significant momentum effect following the global financial 
crisis. The winning portfolios exhibited high returns, as evidenced by substantial 
positive profits during non-crisis sub-periods. These results align with the 
underreaction theory suggested by Grinblatt and Han (2005), which asserts that 
winners exhibit more momentum following a declining market trend. The findings 
align with studies claiming that momentum earnings are greater during bullish market 
conditions (Cooper et al., 2004; Daniel & Moskowitz, 2016).  

 
  



Finance a úvěr-Czech Journal of Economics and Finance, 76, 2026 no. 1                                             15 

Table 5 Industry Contrarian Effect Across Different Time Spans (Crises periods) 

Country  Winner Loser Contrarian 
(LMW) 

Panel A: Industry Contrarian Returns during Asian Financial Crisis (From Jan 1998 to Dec 1999) 

Pakistan 
12-month formation period -3.3871*** 

(-9.48) 
1.4699*** 

(4.09) 
4.8571*** 
(10.79) 

6-month formation period -2.3409*** 
(-7.50) 

0.3310 
(0.93) 

2.6719*** 
(7.66) 

Bangladesh 
12-month formation period -1.5435*** 

(-4.58) 
-1.0415** 

(-2.42) 
0.5020 
(1.04) 

6-month formation period -5.1936*** 
(-6.85) 

-3.0915*** 
(-6.38) 

2.1021** 
(2.04) 

India 
12-month formation period 4.2803*** 

(5.56) 
3.9382*** 
(10.29) 

-0.3421 
(-0.54) 

6-month formation period 1.8426*** 
(2.89) 

4.2787*** 
(11.05) 

2.4361*** 
(4.48) 

Panel B: Industry Contrarian Returns during Global Financial Crisis (From Oct 2007 to Sep 2009) 

Pakistan 
12-month formation period -4.7616*** 

(-9.87) 
-2.7716*** 

(-4.97) 
1.9900*** 

(3.95) 

6-month formation period -0.4679 
(-0.92) 

-2.1098*** 
(-4.36) 

-1.6419*** 
(-3.57) 

Bangladesh 
12-month formation period 4.5179*** 

(9.79) 
5.8852*** 
(14.27) 

1.3672*** 
(3.25) 

6-month formation period 2.8207*** 
(6.93) 

5.3737*** 
(16.75) 

2.5529*** 
(8.21) 

India 
12-month formation period -0.8264 

(-1.60) 
0.1036 
(0.22) 

0.9301*** 
(4.34) 

6-month formation period 0.1528 
(0.39) 

0.0692 
(0.16) 

-0.0836 
(-0.44) 

Panel C: Industry Contrarian Returns during Covid19 Pandemic (From Jan 2020 to Dec 2021) 

Pakistan 
12-month formation period 1.5946*** 

(3.78) 
1.8770*** 

(3.99) 
0.2824 
(0.87) 

6-month formation period 1.9427*** 
(5.20) 

2.8144*** 
(7.35) 

0.8717*** 
(3.10) 

Bangladesh 
12-month formation period 1.4239*** 

(4.33) 
1.4245*** 

(4.77) 
0.0005 
(0.002) 

6-month formation period 0.6542** 
(2.45) 

0.8433*** 
(3.21) 

0.1891 
(1.02) 

India 
12-month formation period 2.4035*** 

(10.03) 
2.3516 
(10.12) 

-0.0519 
(-0.58) 

6-month formation period 1.7348*** 
(6.77) 

1.6336*** 
(8.79) 

-0.1012 
(-0.80) 

Notes: This table 5 presents the return differences (gross returns) of contrarian strategies for industry 
classification in different time periods derived from 6-month and 12-month portfolio building periods during crises 
and pandemic periods. Panels A, B, and C respectively display the findings during the Asian financial crisis, 
Global crisis, and COVID-19 outbreak. At the end of every month (t), the study forms winner and loser industry 
portfolios based on cumulative performance of past 12 and 6 months. Industries that exhibit positive (negative) 
past cumulative returns during the formation periods t-6 to t-1 and t-12 to t-1 are classified as winner and loser 
industries, respectively. The study calculates the contrarian return (LMW) as the difference between the equally 
weighted loser and winner portfolios for each liquidity category. The values of the robust t-statistic, corrected for 
heteroskedasticity and autocorrelation, are presented in brackets based on Newey (1987). Symbols *, **, and 
*** represent the significance levels of 10%, 5%, and 1%, respectively. 
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Table 6 Industry Contrarian Effect Across Different Time Spans (Non-Crises periods) 

Country  Winner Loser Contrarian 
(LMW) 

Panel A: Industry Contrarian Returns during Jan 2000 to Sep 2007 

Pakistan 
12-month formation period 1.5415*** 

(7.93) 
2.0992*** 

(9.86) 
0.5577*** 

(3.22) 

6-month formation period 1.3840*** 
(7.60) 

2.7766*** 
(15.83) 

1.3926*** 
(9.59) 

Bangladesh 
12-month formation period 0.5109*** 

(3.71) 
0.5034*** 

(4.40) 
-0.0075 
(-0.06) 

6-month formation period 0.0393 
(0.28) 

0.7094*** 
(5.56) 

0.6701*** 
(4.82) 

India 
12-month formation period 1.2319*** 

(6.01) 
0.4870** 

(2.15) 
-0.7449*** 

(-4.78) 

6-month formation period 0.4227** 
(2.38) 

0.4670** 
(2.19) 

0.0443 
(0.27) 

Panel B: Industry Contrarian Returns during Oct 2009 to Dec 2020 

Pakistan 
12-month formation period 1.3309*** 

(9.63) 
0.3128** 

(1.96) 
-1.018*** 
(-8.87) 

6-month formation period 0.6591*** 
(4.73) 

0.3671** 
(2.33) 

-0.2919** 
(-2.45) 

Bangladesh 
12-month formation period -0.5186*** 

(-2.75) 
-0.5653*** 

(-3.03) 
-0.0467 
(-0.38) 

6-month formation period -0.7680*** 
(-4.12) 

-0.1357 
(-0.79) 

0.6322*** 
(6.20) 

India 
12-month formation period -0.5843*** 

(-6.92) 
-0.8388 
(-10.22) 

-0.2545*** 
(-3.81) 

6-month formation period -0.4520*** 
(-5.37) 

-0.5537*** 
(-6.64) 

-0.1017 
(-1.57) 

Notes: This table 6 presents the return differences (gross returns) of industry-specific contrarian investment 
techniques derived from 6-month and 12-month portfolio building periods during non-crisis periods. Panel A 
presents the findings from the interval between the Asian and Global financial crises. In contrast, Panel B 
presents the results from the time spanning the global crisis to the COVID-19 outbreak. At the end of every 
month (t), the study forms winner and loser industry portfolios based on cumulative performance of past 12 and 
6 months. Industries that exhibit positive (negative) past cumulative returns during the formation periods t-6 to t-
1 and t-12 to t-1 are classified as winner and loser industries, respectively. The study calculates the contrarian 
return (LMW) as the difference between the equally weighted loser and winner portfolios for each liquidity 
category. The values of the robust t-statistics, corrected for heteroskedasticity and autocorrelation, are presented 
in brackets based on Newey (1987). Symbols *, **, and *** represent the significance levels of 10%, 5%, and 
1%, respectively. 

The findings of this section substantiate the study's premise that industry factors 
influence the efficacy of contrarian strategies; hence, the industry element must be 
considered when analyzing the profitability of stock market anomalies, such as 
contrarian strategies, in South Asian emerging equity markets. The findings relating to 
an industry-specific contrarian approach are distinctive within the context of emerging 
markets, as they contradict the conclusions of previous research that identified the 
industry momentum impact in more established markets (Moskowitz & Grinblatt, 
1999; Tan & Cheng, 2019). According to Tan & Cheng (2019), the industry 
momentum impact is attributable to the herding behavior of investors. Nonetheless, 
herding behavior can lead to the overvaluation of winner stocks as investors mimic the 



Finance a úvěr-Czech Journal of Economics and Finance, 76, 2026 no. 1                                             17 

crowd, investing in trending firms while abandoning underperforming ones within 
industry. This behavior can cause an unwarranted rise in the prices of prior winner 
stocks, where contrarian investors can profit from short-term reversals. 

3.3 Industry Contrarian Effect across Countries 
Table 7 presents the profitability of contrarian strategies within various 

industries across three countries: Pakistan, Bangladesh, and India. The strategy is 
evaluated based on the performance of winner, loser, and contrarian portfolios. The 
results are provided with t-statistics indicating statistical significance. The financials 
industry results in Pakistan, Bangladesh, and India indicate that there is a high level of 
mean reversion and the contrarian strategy is very profitable. The contrarian portfolio 
is associated with a pattern of positive returns both in the 12-month and 6-month-
period in Pakistan, which shows successful reversals in the financial industry. The 
outcomes in Bangladesh are divided, where 12 months contrarian portfolio is 
profitable, and the 6 months horizon returns are poorer, implying the volatility in the 
short-term returns. The results in India show strong contrarian profitability within both 
periods, which proves that the strategy of reversion to the mean is working quite well 
within the Indian financial industry. 

Pakistan and India also exhibit a strong contrarian returns in the chemical 
industry with the loser portfolio being especially profitable in Pakistan. The 
Bangladesh results are less obvious, and the reversals are greater in the 6-month 
window, which is a sign of short-term market inefficiency. India stands out with 
consistent and strong mean reversion across both time horizons, suggesting that stock 
mispricing in the chemical sector is corrected rapidly in this market, likely due to a 
more stable economic environment. 

The construction industry exhibits consistent contrarian profitability in Pakistan 
and India, with both countries showing significant returns across the 12-month and 6-
month windows. Pakistan shows positive returns from both the contrarian and loser 
portfolios, supporting the idea of strong market reversals. In Bangladesh, the results 
are mixed, with stronger contrarian returns seen in the 6-month horizon, indicating that 
the construction sector in this country may experience more short-term inefficiencies. 
The food producers and personal goods industries also reflect significant contrarian 
returns, especially in India and Pakistan, where mean reversion is particularly 
pronounced, suggesting that these sectors tend to correct mispricing in both short and 
medium-term horizons. 
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Table 7 Profitability of Industry Contrarian Strategies across countries (Jan 1997 – 
Dec 2023) 

Country Industry Winner (t-stat) Loser (t-stat) Contrarian (LMW) (t-
stat) 

 
 
 
 
Pakistan 

Financials (12) 
Financials (6) 

-0.937** (-2.42) 
-1.680*** (-3.60) 

2.214*** (3.89) 
2.495*** (4.68) 

3.151*** (5.29) 
4.176*** (7.941) 

Chemical (12) 
Chemical (6) 

-0.390*** (-3.45) 
-0.784*** (-7.14) 

1.835*** (4.59) 
1.878*** (5.48) 

2.226*** (6.81) 
2.663*** (6.05) 

Construction (12) 
Construction (6) 

-1.140*** (-9.38) 
-1.958*** (-4.18) 

1.896*** (13.01) 
1.962*** (4.37) 

3.036*** (20.26) 
3.920*** (5.63) 

Food Producers (12) 
Food Producers (6) 

0.104 (1.58) 
0.035 (0.55) 

1.822*** (3.52) 
2.149*** (4.89) 

1.718*** (3.43) 
2.113*** (4.39) 

Personal Goods (12) 
Personal Goods (6) 

-1.558*** (-4.12) 
-2.540*** (-6.52) 

2.814*** (6.53) 
3.584*** (8.59) 

4.373*** (10.65) 
6.125*** (14.64) 

 
 
 
 
Bangladesh 

Financials (12) 
Financials (6) 

0.364*** (3.31) 
-0.056* (-1.33) 

0.879*** (4.12) 
1.924*** (4.15) 

0.515*** (3.89) 
1.981*** (4.34) 

Chemical (12) 
Chemical (6) 

0.473 (1.52) 
-0.694* (-1.89) 

-0.470** (-2.16) 
1.135*** (4.41) 

-0.867** (-2.53) 
1.631*** (3.71) 

Construction (12) 
Construction (6) 

0.462* (1.79) 
0.021 (0.08) 

-0.065 (-0.40) 
0.672*** (3.82) 

-0.528** (-2.13) 
0.650*** (2.88) 

Food Producers (12) 
Food Producers (6) 

1.598*** (6.99) 
0.119 (0.51) 

0.112 (0.64) 
1.066*** (4.88) 

-1.485*** (-6.85) 
0.946*** (3.38) 

Personal Goods (12) 
Personal Goods (6) 

-0.540*** (-6.79) 
-1.28*** (-15.42) 

0.757*** (10.69) 
1.508*** (21.14) 

1.297*** (21.77) 
2.792*** (40.99) 

 
 
 
 
India 

Financials (12) 
Financials (6) 

-1.781*** (-8.02) 
-1.842*** (-8.40) 

1.868*** (7.88) 
1.783*** (7.20) 

3.649*** (9.40) 
3.625*** (9.10) 

Chemical (12) 
Chemical (6) 

-1.710*** (-4.08) 
-2.678*** (-6.37) 

2.693*** (7.24) 
3.028*** (9.35) 

4.403*** (10.46) 
5.706*** (13.75) 

Construction (12) 
Construction (6) 

-0.999** (-2.37) 
-1.600** (-2.34) 

2.197*** (7.39) 
2.175*** (5.04) 

3.196*** (6.90) 
3.775*** (8.54) 

Food Producers (12) 
Food Producers (6) 

-2.124*** (-5.47) 
-2.502*** (-5.91) 

2.283*** (6.47) 
2.266*** (6.26) 

4.406*** (9.41) 
4.768*** (10.05) 

Personal Goods (12) 
Personal Goods (6) 

-2.636*** (-7.74) 
-2.946*** (-9.12) 

2.182*** (6.11) 
2.326*** (7.49) 

4.819*** (9.68) 
5.344*** (14.97) 

Notes: This table shows contrarian effect across multiple industries, particularly in Financials, Chemical, 
Construction, and Personal Goods sectors. These are the industries with highest companies in each country. 
The study calculates the contrarian return (LMW) as the difference between the equally weighted loser and 
winner portfolios for each liquidity category. The values of the robust t-statistics, corrected for heteroskedasticity 
and autocorrelation, are presented in brackets based on Newey (1987). Symbols *, **, and *** represent the 
significance levels of 10%, 5%, and 1%, respectively. 

Table 8 presents pooled results for the three countries combined. The industries 
with the strongest contrarian returns across the region are the chemical, construction, 
and personal goods sectors. These industries demonstrate the highest t-statistics for 
contrarian returns, particularly in the 6-month horizon, which may suggest that 
investors can benefit from short-term reversals in these sectors across the three 
countries. The chemical sector, for instance, shows the strongest contrarian returns (12-
month: 2.403, 6-month: 2.789), and the personal goods sector provides consistently 
high returns (12-month: 2.244, 6-month: 2.715). The financials sector shows lower 
contrarian profitability, but it is still significant, reflecting market efficiency or less 
frequent mispricing compared to other industries.  
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Table 8 Regional Industry Contrarian Returns (Pooled sample: Pakistan, Bangladesh, 
India) 

Industry Winner (t-stat) Loser (t-stat) Contrarian (LMW) (t-stat) 

Financials (12) 
Financials (6) 

-0.675 (-1.57) 
-1.198*** (-2.66) 

1.313*** (3.22) 
1.631*** (3.98) 

1.989*** (4.13) 
2.830*** (5.57) 

Chemical (12) 
Chemical (6) 

-1.513*** (-2.94) 
-2.221*** (-4.17) 

2.403*** (4.05) 
2.789*** (5.21) 

3.917*** (6.82) 
5.011*** (9.01) 

Construction (12) 
Construction (6) 

-0.502 (-1.03) 
-1.350** (-2.42) 

1.417*** (3.11) 
1.938*** (4.06) 

1.919*** (3.33) 
3.289*** (5.05) 

Food Producers (12) 
Food Producers (6) 

-1.065** (-2.48) 
-1.367*** (-2.88) 

1.915*** (5.02) 
2.155*** (5.08) 

2.980*** (6.35) 
3.523*** (6.34) 

Personal Goods (12) 
Personal Goods (6) 

-1.769*** (-4.55) 
-2.462*** (-6.04) 

2.244*** (5.70) 
2.715*** (6.91) 

4.014*** (8.56) 
5.177*** (10.60) 

Notes: This table shows contrarian effect across multiple industries on regional level, where sample countries 
are pooled. The industries include Financials, Chemical, Construction, and Personal Goods sectors. These are 
the industries with highest companies in each country. The study calculates the contrarian return (LMW) as the 
difference between the equally weighted loser and winner portfolios for each liquidity category. The values of 
the robust t-statistics, corrected for heteroskedasticity and autocorrelation, are presented in brackets based on 
Newey (1987). Symbols *, **, and *** represent the significance levels of 10%, 5%, and 1%, respectively. 

These results on contrarian profitability and consequent market inefficiencies 
corroborate with prior research. Munir, Shaharuddin, and Sukor (2022) and Nnadi and 
Tanna (2019) state that emerging markets in South Asia are more prone to mispricing 
and overreactions that generate opportunities for contrarian trading due to late 
correction of stock prices. These markets also show higher level of mean reversions as 
highlighted by Habibah et al. (2021) and Chiu et al. (2018). Moreover, findings relating 
to industry-specific contrarian effect support the work of Aravind (2016), who claim 
that sectoral factors and their sensitivity to external shocks can enhance the 
profitability of contrarian strategies.  

3.3 Predictability of Macroeconomic and Global Factors 
The paper first evaluates stock- and industry-based attributes in contrarian 

profitability. Then it determines whether macroeconomic and global factors are 
predictors of winners and losers returns. Once the impact of market state and volatility 
is controlled, the research regresses loser, winner and contrarian portfolio returns on a 
series of different predictors. These predictors are CPI, IPI, BOT, domestic currency 
to US dollar exchange rate, and crude oil prices and three-month Treasury bill rate. 
These variables consider inflation, industry activity, trade, competitiveness, economic 
activity and liquidity. This design involves lagged predictors, fixed effects and 
robustness checks to control endogeneity.  

Descriptive statistics of the variables used in this research give important 
insights into the distribution of variables used. Table 9 shows the results. LMW 
(contrarian returns) is a dependent variable which has a mean of 2.22 and a standard 
deviation of 7.79 indicating that contrarian returns vary significantly within the 
sample. The same variability can also be highlighted by the fact that LMW is within 
the range of -31.81 to 41.97, which means that in the data, there are extreme contrarian 
returns. MKT (market return) is one of the market-level variables that have a high 
dispersion of 13.62 with a large standard deviation of 30.14, showing a great variation 
in the average market returns in the 12-month period. Volatility indicators, VOL 
(+VOL and -VOL) indicate the change in market conditions when the returns on the 
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market are positive or negative, +VOL (4.64) and -VOL (2.19). This shows that 
volatility is likely to be high at positive market returns. 

The results of macroeconomic predictors reveal that mean of the 3M Treasury 
rate (3M-INT) and the exchange rate (EXC) are quite low, 7.45 and 0.34, respectively. 
However, they show a large dispersion particularly in the case of 3M-INT, with the 
standard deviation of 3.02 indicating that it is susceptible to changes in interest rates. 
The variability of oil price shocks on market dynamics is also seen in the large 
variability of oil returns (OIL), with a mean of 0.82 and standard deviation of 11.29. 
Consumer price index, (CPI) and Industrial production index, (IPI) have lesser mean 
values but a greater dispersion with IPI scores of between -62.28 and 100.48, indicating 
a great volatility in industrial production. The other variables such as the Balance of 
Trade (BOT), MSCI and VIX have wide distributions, especially the VIX that 
represents market uncertainty has a significant standard deviation of 22.66. Such 
statistics imply that the macroeconomic environment is complex and may influence 
both market and contrarian returns differently. 
Table 9 Descriptive Statistics Table 

Variable Mean Std. Dev. Min Max 

Winners -0.7284 8.0009 -50.702 32.520 
Losers 1.4925 8.7237 -39.401 48.386 
LMW 2.2210 7.7898 -31.811 41.971 
MKT 13.618 30.143 -119.48 134.03 
VOL 6.8263 3.5341 2.3783 30.005 
+VOL 4.6399 4.3254 0 30.005 
-VOL 2.1863 3.7542 0 28.092 
OIL 0.8182 11.286 -54.244 88.375 
3M-INT 7.4513 3.0244 0 17.420 
EXC 0.3392 1.7342 -7.7066 13.715 
CPI 0.4209 1.1845 -5.1159 4.0613 
IPI 0.8374 8.3024 -62.276 100.47 
BOT -0.025 1.9490 -32.343 13.492 
MSCI 0.5032 4.4956 -19.045 12.657 
VIX 2.1782 22.658 -45.896 134.57 
GOLD 0.6648 4.7629 -18.005 16.458 

Notes: Table 9 provides descriptive statistics for the winner, loser, and contrarian return series and summarizes 
the macroeconomic predictors and control variables used in subsequent regressions. There are 972 
observations. Controls include market state (MKT), defined as the past twelve-month market return, and volatility 
(VOL), defined as past twelve-month market volatility. +Vol (−Vol) denotes volatility when the prior twelve-month 
market return is positive (negative). Macro predictors listed are the three-month treasury rate (3M-INT), local 
currency/USD exchange rate (EXC), consumer price index (CPI), industrial production index (IPI), balance of 
trade (BOT), and oil returns (OIL). 

As shown in Panels A, B, and C of Table 10, market state and volatility materially 
affect winner, loser, and contrarian performance. Winner returns rise when the market 
performs well. Negative and significant −VOL coefficients indicate winners suffer short-
term reversals during negative market states, which can boost contrarian returns in 
downturns. Positive and significant volatility coefficients for past losers and contrarian 
portfolios show these strategies yield higher returns in extreme market states. The three-
month Treasury bill rate (3M-INT), a proxy for domestic liquidity, significantly predicts 
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returns for losers, winners, and contrarian portfolios. There is a negative association 
between the 3M T-bill rate and returns of both winners and losers. This suggests investors 
shift to risk-free assets when rates rise, reducing stock positions. The larger negative 
coefficient for winner portfolios implies rising rates hurt winners more than losers. As a 
result, contrarian strategies benefit from short-term reversals of high-quality winner stocks. 

Other macro factors such as exchange rate, CPI, IPI, and BOT also predict winner 
returns, and BOT tends to predict losers and contrarian portfolios. Unlike Demirer et al. 
(2017), the returns of crude oil are not important predictors in South Asian markets. Rather, 
the regional predictors of contrarian returns in this region are significant including 3M-
INT, EXC, CPI, IPI, and BOT. The predictive regression results in panel B suggest that IPI 
is a very strong predictor of loser returns despite the market state and volatility. When IPI 
coefficient is positive, it means that, the future growth of industries would be higher, hence, 
greater subsequent returns to past losers, creating more reversal and contrarian payoffs. Liu 
and Zhang (2008) reveal that a large variation of the momentum in the US can be explained 
by the growth of industrial production. The importance of domestic liquidity (3M-INT) is 
self-explanatory: investors reduce investments in bonds and move to inexpensive or 
underpriced stocks. In general, IPI, BOT, and 3M-INT become the important macro risk 
factors that cause short-term reversals and contrarian profits. 

To test robustness, the study adds global risk proxies: gold returns, the MSCI world 
index, and the VIX. Gold returns proxy global risk aversion and haven demand. MSCI 
captures world equity movements. VIX measures global volatility. The study uses six-
month and twelve-month volatility measures to analyze short- and longer-term volatility 
effects. Results are reported in Table 11. Panels A and B show that, after controlling for 
global risk factors, 3M-INT and BOT remain significant predictors of contrarian returns. 
Notably, MSCI also shows persistent predictive power, linking global equity movements 
to reversals in emerging markets. One explanation is that foreign investors reallocate across 
international markets, leaving positions in high-quality winners that then underperform, 
raising contrarian opportunities. VIX becomes significant only when MSCI is included, 
suggesting an interaction between global returns and global volatility. Both MSCI and VIX 
associate positively with contrarian payoffs, but why VIX lacks idiosyncratic predictability 
yet gains predictive power when MSCI is controlled remains an open question. It is 
worthwhile to test whether regional factors such as IPI, 3M-INT, and BOT predict reversals 
in other contrarian-driven emerging markets. 

A formal test of the potential endogeneity of the macroeconomic predictors (3M-
INT, EXC, CPI, IPI, BOT, and OIL) was performed by comparing the fixed-effects OLS 
and instrumental variable (2SLS) estimates on lagged instruments. The results of Durbin 
Wu Hausman (DHW) test on regression of contrarian returns gives a χ² value of 5.27 
(p=0.51), indicating the absence of potential endogeneity in regressors. Similar results were 
obtained in the case of the winner and loser regressions, in which the test statistics is still 
statistically insignificant (p-values greater than 0.10). These results reveal that there is no 
systematic discrepancy between OLS and Instrumental variables estimates. The 
insignificant DHW statistics affirm that the macroeconomic regressors are exogenous and 
therefore, the consistency and efficiency of the fixed-effects OLS estimators in Tables 10 
and 11 is validated. Hence, simultaneous bias and omitted variable bias have no statistical 
evidence on the main predictors.  
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4. Conclusions 
This study examines whether stock-specific, industry-related, macroeconomic, 

and global factors help explaining contrarian profitability in South Asian emerging 
equity markets. The evidence suggests that these markets demonstrate characteristics 
that can relate to contrarian profits, particularly in the surroundings that are subjected 
to macroeconomic volatility and global financial integration. Though the findings may 
indicate that local market conditions, volatility and reversal patterns have some 
substantial relationships, the same need to be understood in the institutional and 
structural setting of the region. 

The findings of current research indicate that firm-specific factors such as 
liquidity and market value are significant predictors of contrarian strategy returns. 
Stocks in the lowest trading volume and market value groups generate the highest 
contrarian returns for investors. Moreover, the portfolios of past winners in the lowest 
volume and market capitalization category have stronger reversal of performance in 
the succeeding periods. These findings confirm the claim that trading volume has an 
informational value as postulated by Lee and Swaminathan (2000). High trading 
volume equities can indicate a higher degree of information asymmetry and 
overinvestment which can cause reversals in the short term. The analysis reveals that 
returns can be enhanced through careful construction of industry portfolios. Industries 
that had low returns in the past tend to perform better during later stages. Contrarian 
returns in the industry are higher during the Asian and the global financial crises. In 
comparison, industry momentum returns are found predominantly in non-crisis times, 
particularly following the global financial crisis. These trends confirm the 
underreaction perspective of Grinblatt and Han (2005), which states that market 
leaders can exhibit robust momentum effect following a market decline. Industry 
characteristics are thus relevant to explaining anomalous returns and should be used in 
asset-pricing analysis.  

Lastly, the findings reveal that IPI, BOT and 3M-INT are significant macro 
variables that predict contrarian strategy payoffs. They have predictive power even 
after controlling global risk proxies. In contrast to Demirer et al. (2017), the strength 
of oil returns in South Asian markets is not so strong; rather local and regional forces 
are more informative. Contrarian variability is also anticipated using global market 
returns (MSCI), which suggests that there is a close correlation between global price 
movements and contrarian returns in emerging markets. VIX can only be meaningful 
when MSCI is controlled. Future research may examine why VIX lacks standalone 
predictability but becomes predictive when MSCI is included. 

This study contributes to the existing literature on contrarian investment 
strategies by examining South Asian emerging markets, where the combined influence 
of firm-specific, industry-specific, and macroeconomic factors provides unique 
evidence on contrarian profitability. Contrasting previous research on developed 
markets, which emphasized global determinants such as oil prices and MSCI index 
fluctuations, this study finds that local macroeconomic indicators specifically the 
Industrial Production Index (IPI) and Balance of Trade (BOT) exert stronger predictive 
power in South Asia. The absence of a significant link between oil prices and 
contrarian returns distinguishes South Asian markets from other emerging economies. 
Furthermore, while liquidity conditions and information asymmetry remain relevant, 
sectoral responses during financial crises have a greater impact on contrarian returns 
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than industry momentum, which tends to dominate in developed markets. The study 
also offers a revised understanding of the three-month interest rate (3M-INT), 
suggesting that it captures shifts in monetary policy and investor sentiment rather than 
serving merely as a measure of liquidity. In general, the findings are valuable to the 
literature as they demonstrate that a set of firm-level traits, industry structure, and 
macroeconomic conditions may drive contrarian profitability in South Asian emerging 
markets. However, the inferences are to be considered as sample-specific and 
conditional to the empirical design used. It is based on historical-returns construction 
to the portfolio, and a particular choice of macroeconomic variables, and does not 
include behavioral or sentiment-oriented measures which can also influence reversal 
patterns.    

From a practical perspective, the findings tentatively suggest that investors may 
benefit from monitoring domestic macroeconomic indicators alongside firm and 
industry characteristics when implementing contrarian strategies. To the policy 
makers, the findings show that there may be some relationships between 
macroeconomic stability and market dynamics, but the interpretation of the causations 
must be taken with some care. Policymakers can draw value from study findings by 
designing measures that reduce market inefficiencies, improve transparency, and 
discourage speculative trading. Such efforts can promote market stability and support 
long-term economic development. Moreover, understanding the cyclical nature of 
contrarian effects can help policymakers anticipate and soften the impact of 
macroeconomic shocks and investor overreactions, contributing to more resilient and 
efficient financial systems across the South Asian region. 

This study explores the drivers of contrarian returns in South Asian emerging 
markets, but it has limitations. It is limited to a specific set of markets and relies on 
historical return-based portfolio sorting methods. It does not incorporate behavioral or 
sentiment-based investor measures, and some macroeconomic and global variables are 
limited by data frequency and availability. The study also does not consider firm-level 
qualitative factors, such as corporate governance quality or ESG scores. Future 
research should expand the scope of other regions, incorporate real-time investor 
sentiment measures, and explore institutional investor behavior. 
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